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MedNLP（Morita et al., 2013; Aramaki et al., 2014）に
より，「GSK 2012-D 模擬診療録テキスト・データ」
（https://www.gsk.or.jp/catalog/gsk2012-d/）やNTCIR
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2016年 3月： S状結腸癌で S状結腸切除術 
   時間         病名        医療行為 
施行．リンパ節,肝臓,腹膜に転移あり． 
                 病名 





















































 病名: 病名や症状 
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ない．元にしている NTCIR MedNLP コーパス































 CUDA 9.0 
 cuDNN 7.1 
 Keras 2.2.4 
 形態素解析: mecab-ipadic-NEologd（佐藤ら, 
2017） 























診断名 急性突発性心外膜炎       I30.0 
医療 
行為 
心エコー                 88.72 
 
表 1  ICDコーディングトレーニングの例け
 
表 2  作成したコーパス 




MedNLP手動 1546 1141 83 245 
ICD自動 2223 1669 430 786 
ICD手動 2223 1742 822 786 
 
- 212 -
堂坂浩二ら／秋田県立大学ウェブジャーナル B／ 19, l. 6, 209-215
秋田太郎ら/秋田県立大学ウェブジャーナル B/20XX, vol. X, 1-5. 
 
























































病名 医療行為 時間 
P R F P R F P R F 
MedNLP手動 
無 0.80 0.84 0.82 0.61 0.42 0.48 0.75 0.83 0.78 
有 0.82 0.87 0.84 0.63 0.45 0.52 0.79 0.83 0.81 
ICD自動 
無 0.64 0.69 0.66 0.45 0.42 0.43 0.88 0.90 0.89 
有 0.68 0.74 0.71 0.50 0.47 0.48 0.93 0.93 0.93 
ICD手動 
無 0.66 0.70 0.69 0.52 0.61 0.56 0.87 0.91 0.89 
有 0.69 0.76 0.72 0.59 0.69 0.63 0.92 0.90 0.91 
MedNLP手動＋
ICD自動 
無 0.73 0.78 0.76 0.49 0.46 0.47 0.84 0.87 0.85 
有 0.79 0.82 0.80 0.48 0.52 0.50 0.88 0.89 0.89 
MedNLP手動＋
ICD手動 
無 0.74 0.78 0.76 0.63 0.65 0.64 0.84 0.87 0.86 
有 0.78 0.82 0.79 0.62 0.72 0.67 0.89 0.89 0.89 
 
表 3  評価結果．P:精度; R:再現率; F:F値． 
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Extracting Disease Name and Medical Act from Clinical Text
Using Deep Learning
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In the medical field, electronic medical records are information sources that lead to the improvement of hospital operations and healthcare quality. 
The analysis of clinical documents can be used to improve the productivity of medical services during electronic medical record audits. In this 
investigation, we developed a named entity recognizer that extracted disease names and medical interventions from clinical documents. In 
previous research on medical language processing in Japanese, a corpus had been developed where only disease names were annotated, and based 
on the corpus, a named entity recognizer for disease names had been developed. However, it is important to recognize not only disease names but 
also medical interventions such as surgery, treatment, tests, and medication in order to perform an electronic medical record audit. Therefore, we 
developed a corpus where medical interventions were annotated by constructing a named entity recognizer for disease names and medical 
interventions. It was shown that it was possible to extract medical interventions from clinical documents by preparing an annotated corpus. 
- 2 5 -
堂坂浩二ら／秋田県立大学ウェブジャーナル B／ 19, l. 6, 209-215
